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Abstract 

In order to comprehend their significant influence on programming difficulties and efficiency gains, the study investigates the application of 

AI techniques in algorithm optimization and design frameworks. Using the GPU Benchmarks Compilation dataset, this study examines GPU 

performance and evaluates its effects on the functioning of AI-based algorithms. In addition to changing sectors, this shift is completely 

changing how companies run, interact with clients, and make strategic choices. GPU performance in AI-based algorithm optimization using 

a standardized method. The first step in the research process is gathering survey data that correctly reflects real-world application domains 

where AI algorithms require improvement. Strong foundations for examining AI-driven computing advancements are established by the 

dataset's comprehensive benchmarking information for GPUs, which includes computational throughput along with cost performance ratios 

and energy efficiency measurements. This study revealed significant advancements in GPU capabilities that show why GPUs are still crucial 

for processing sophisticated AI processing models. 
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Introduction 

Artificial Intelligence (AI) integration has emerged as a key 

transformative force in today's quickly changing corporate 

environment. AI has changed how businesses function, 

compete, and provide value to their clients thanks to its 

capacity to analyze data, automate processes, and make wise 

judgments. An overview of the significant effects of 

integrating AI into different business processes and the 

fundamental forces behind this transformation are given in 

this introduction. AI is being used by businesses more and 

more to solve difficult problems and obtain a competitive 

advantage. Data analytics, process automation, machine 

learning, and natural language processing are just a few of 

the many uses for AI integration. These AI tools are being 

used to improve consumer experiences, streamline 

operations, and spur innovation in a variety of sectors. AI 

integration into corporate operations is a complex 

undertaking that affects many different industries. Among 

many other applications, this introduction will explore how 

artificial intelligence (AI) is being used in marketing to 

customize advertising and content, in customer service to 

offer real-time assistance, in supply chain management to 

enhance logistics and forecasting, and in finance to 

automate risk assessment and fraud detection. AI's practical 

uses are growing, proving its flexibility and applicability in 

a variety of fields. Nevertheless, there are several 

difficulties and factors to take into account while integrating 

AI. Organizations face several challenges, including privacy 

issues, moral conundrums, and a lack of qualified AI 

specialists. Additionally, the regulatory environment around 

AI is always changing, so companies need to be aware of 

the latest standards for compliance. 

In addition to changing sectors, this shift is completely 

changing how companies run, interact with clients, and 

make strategic choices. Integrating automation and process 

optimization, which take use of AI's potential to improve 

productivity, accuracy, and agility across a range of 

operational domains, is a crucial component of this shift. 

The use of technology to automate corporate procedures is 

known as process automation. In general, it accomplishes 

three goals: centralizing information, automating 

procedures, and minimizing the need for human 

involvement. By removing human input, lowering mistakes, 

speeding up delivery, enhancing quality, cutting expenses, 

and simplifying company procedures, process automation 

streamlines systems. The capacity of automation to transfer 
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repetitive and regular jobs from human workers to AI 

systems is one of its most alluring advantages. Scalability is 

made possible by automation, which enables companies to 

grow their operations without having to hire more staff. 

Research on automation and process optimization in the 

context of AI-powered digital transformation has become an 

essential field of study in the current environment of fast 

technological advancement. This field of study explores 

how automation, artificial intelligence, and process 

optimization work together to provide new frameworks, 

strategies, and insights that transform industries and 

improve organizational capacities. 

The incorporation of AI into company operations is 

expected to be dynamic and revolutionary as we move 

forward. Businesses will need to find a balance between 

utilizing AI's promise and guaranteeing its ethical and 

responsible usage, as technological breakthroughs continue 

to push the limits of what is possible. This introduction 

provides a framework for understanding the critical role AI 

plays in changing the corporate world and establishes the 

groundwork for a thorough examination of AI integration in 

the parts that follow. 

 

Literature Review 

Jing Su (2017) [1] Laccases (benzene diol: oxidoreductases, 

EC 1.10.3.2) catalyze the oxidation of diverse compounds 

including phenolic and aniline structures utilizing dissolved 

oxygen in aqueous environments. Structural characteristics 

and catalytic processes of laccase pertaining to the 

polymerization of aromatic compounds are documented. An 

overview of the latest studies on the biosynthesis of 

chemicals and polymers is provided. This technology's 

selected uses, together with its advantages, limitations, and 

future requirements for laccase utilization, are examined.  

Shadia M. Abdel-Aziz (2017) [2] Biosynthesis is a multistep, 

enzyme-mediated process in which simple substances or 

substrates are transformed or combined to produce 

macromolecules or more intricate products. A biosynthesis 

process is executed by the activity of a live microbe. The 

green chemistry methodology for synthesizing natural 

chemicals using microbes has several benefits, including 

minimum processing, large-scale manufacturing, economic 

feasibility, and health safety. The utilization of natural 

goods in the domains of food, pharmacy, medicine, and 

agriculture is prominently emphasized owing to their 

chemical stability and biocompatibility. For several decades, 

microbes have been utilized in the preparation of food, 

animal feed, and the large-scale manufacture of 

biochemicals, including alcohol, antibiotics, antioxidants, 

and natural pigments. Additionally, bacteria generate 

vitamins, enzymes, immunosuppressants, and 

hypocholesterolemia drugs. Bacterial bioactive metabolites 

are distinguished by their distinct chemical structures and 

interactions with the environment. 

Yoojin Choi (2020) [3] Inorganic nanoparticles are 

extensively utilized in the chemical, electronics, photonics, 

energy, and medicinal sectors. The synthesis of a 

nanomaterial (NM) generally necessitates physical and/or 

chemical techniques that include severe and ecologically 

detrimental conditions. Recently, both wild-type and 

genetically modified microorganisms have been utilized for 

the production of inorganic nanomaterials under moderate 

and eco-friendly circumstances. Microorganisms, including 

microalgae, fungus, bacteria, and bacteriophages, can serve 

as bio factories for the production of single-element and 

multi-element inorganic nanomaterials. This review 

delineates the nascent field of inorganic nanomaterial 

biosynthesis, focusing on the mechanisms of inorganic ion 

reduction and detoxification, and underscoring the proteins 

and peptides implicated in these processes. We demonstrate 

how the analysis of a Pourbaix diagram may assist in 

formulating strategies for the predictive biosynthesis of 

nanomaterials with elevated producibility and crystallinity, 

as well as elucidate methods for controlling the size and 

shape of the result. This study examines biosynthetic 

inorganic nanomaterials of 55 elements and their 

applications in catalysis, energy harvesting and storage, 

electronics, antimicrobials, and biomedical treatment. 

Additionally, a sequential flow chart is provided to facilitate 

the design and biosynthesis of inorganic nanomaterials 

using microbial cells. Future study in this domain will 

enhance the variety of accessible inorganic nanomaterials 

while also focusing on scalability and purity.  

Mohamed Awad Fagier (2021) [4] In recent years, the 

synthesis of nanoparticles by green methods has garnered 

significant interest as a simple, cost-effective, and eco-

friendly alternative to chemical and physical synthesis 

techniques. This review examined the biosynthesis of zinc 

oxide nanoparticles (ZnO NPs), detailing the methodology 

and process involved. The factors influencing the 

production of ZnO nanoparticles are examined. The 

existence of active bioorganic compounds in plant extract 

significantly contributed to the synthesis of ZnO 

nanoparticles as a natural green medium in metallic ion 

reduction processes. ZnO nanoparticles demonstrate 

desirable photocatalytic characteristics owing to their 

electrochemical stability, elevated electron mobility, and 

extensive surface area. This review examines the technique 

and mechanism of the ZnO photocatalysis process. The 

influence of dye concentration, catalysts, and light on 

photodegradation efficacy is also examined. This review 

offers valuable insights for researchers engaged in the green 

production of ZnO nanoparticles. Furthermore, it can offer 

researchers varied insights on the efficacy of biosynthesized 

ZnO nanoparticles in dye degradation and its limitations. 

Mahmoud Nasrollahzadeh (2018) [5, 11] developed an 

innovative, cost-effective, and environmentally friendly 

approach for synthesizing copper nanoparticles (Cu NPs) 

supported on manganese dioxide (MnO2) nanoparticles, 

utilizing Centella asiatica L. Leaf extract utilized as a 

naturally-derived reducing agent, devoid of stabilizers or 

surfactants. This synthetic approach is eco-friendly and 

eliminates the use of hazardous reducing chemicals. 

Phenolic hydroxyl groups in the leaf extract are thought to 

decrease Cu2+ in solution, resulting in the formation of Cu 

nanoparticles that are subsequently stabilized on the 

surfaces of manganese dioxide nanoparticles. The Cu/MnO2 

nanocomposite was comprehensively studied using X-ray 

diffraction, transmission electron microscopy, field emission 

scanning electron microscopy, energy-dispersive X-ray 

spectroscopy, and Fourier transform infrared spectroscopy. 

This material serves as a highly active, efficient, and 

recyclable heterogeneous catalyst for the reduction of 

Congo red, rhodamine B, methylene blue, and nitro 
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compounds, including 2,4-dinitrophenylhydrazine and 4-

nitrophenol, in the presence of NaBH4 in aqueous media at 

ambient temperature. The exceptional stability of the 

Cu/MnO2 nanocomposite enables the catalyst to be 

extracted and reutilized several times without substantial 

loss of efficacy. 

 

Research Methodology 

GPU performance in AI-based algorithm optimization using 

a standardized method. The first step in the research process 

is gathering survey data that correctly reflects real-world 

application domains where AI algorithms require 

improvement. Through processes that address information 

gaps, standardize data volumes, and preserve consistent data 

points across variables, the preprocessing stage modifies 

datasets. To analyze GPU performance during AI algorithm 

optimization activities, researchers use analytical tests that 

incorporate deep learning and reinforcement learning 

techniques. The optimization approach places a strong 

emphasis on increasing algorithm execution time while 

simultaneously improving accuracy and efficiency. To 

gauge the success of GPU use, researchers employ 

assessment measures such as speedup, energy economy, 

accuracy, and algorithm performance under varied 

workloads. The study contrasts several GPU configurations 

to identify effective methods for optimizing AI algorithms, 

leading to improved control over computing resources and 

better execution of AI models. 

 

Data Analysis 

Top 10 GPUs by G3DMark Performance  

 

 
 

Fig 1: This Image represent the Top 10 GPUs by G3DMark Performance 

 

As the main metric for evaluating 3D graphics processing 

capabilities, Figure 1 shows a ranking of the top 10 GPUs 

based on their G3DMark performance ratings. The GeForce 

RTX 3090 Ti takes the top spot in the rankings, closely 

followed by the GeForce RTX 3080 Ti and GeForce RTX 

3090. Because of its superiority in providing sophisticated 

computational processes and clever AI solutions, NVIDIA 

continues to lead the high-performance computing sectors. 

Since both the Radeon RX 6900 XT and the Radeon RX 

6800 XT are listed in GPU rankings that focus on AI and 

gaming, AMD is still in a competitive position. The RTX 

A5000 and RTX A6000 professional GPUs, which 

concentrate on AI research, deep learning model training, 

and 3D rendering jobs, are included in the performance 

table. The GPUs utilized in work contexts exhibit similar 

performance characteristics, demonstrating that 

workstations provide higher durability and dependability for 

ongoing use of AI projects. Choosing a GPU that best 

balances computational power performance and power 

economy, as well as a fair purchasing price, is essential for 

AI algorithm creation and optimization. In the past, only 

high-end GPUs were able to provide remarkable computing 

capacity; however, moderately priced GPUs with good 

performance quality ratios are sufficient for AI-based 

workloads. Given the evolving dynamics of AI hardware, 

computational intelligence researchers should be aware of 

the critical role benchmarking GPUs plays in improving AI 

hardware development. 

 

Distribution of GPU Categories 

 

 
 

Fig 2: This image shaws the Distribution of GPU Categories 
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The GPU categories-Desktop, Mobile, Workstation, and 

Unknown types-are displayed in the distribution chart in 

Figure 2. 58.3% of the GPUs in the sample are classified as 

"Unknown" since it is impossible to determine their precise 

classifications. With 17.0% utilization, the installation-

based GPU sector leads the market, while mobile devices 

account for 13.8% and workstation goods make up 9.9%. 

With a 13.8% market share, mobile GPUs are a significant 

component of lightweight computing systems for laptops 

and portable devices. According to the statistics, 9.9% of all 

GPU samples are workstation GPUs designed for 

professional use. The "Mobile Workstation" and "Desktop, 

Mobile" groups together make up less than 1% of all 

samples. The categories indicate GPU systems designed for 

multipurpose settings that integrate capabilities from many 

platforms. Because it lowers the precision of examining 

distribution patterns, the preponderance of unknown GPUs 

makes it difficult to properly analyze market trends. Even 

after dissecting new GPU kinds, it is still feasible to conduct 

a knowledgeable examination of how GPUs contribute to 

computing tasks, particularly with regard to their influence 

on AI-driven applications. Accurately classifying GPUs is 

crucial for AI-based algorithm optimization as these 

decisions affect algorithm results, energy efficiency, and 

overall cost. 

 

GPU Price vs. G3DMark Score 

 

 
 

Fig 3: This image illustrates the GPU Price vs. G3DMark Score 

 

Figure 3 shows a scatter plot of the correlation between 

GPU pricing in USD and G3DMark Score readings. Since 

entry-level GPUs span a wide range of performance results, 

including some models that get exceptional G3DMark 

ratings, the data points in this distribution pattern exhibit 

non-linear behavior. Customers are more likely to locate 

high-performance units as GPU costs rise, but this impact is 

not a perfect mathematical relationship because some pricey 

alternatives do not provide the top results. The majority of 

GPU devices fall into the lower price range (less than 

$1000) and exhibit a variety of performance capabilities, 

indicating that many low-cost models produce satisfactory 

performance outcomes. High-end hardware has a worse 

return on investment after the mid-range price point because 

of the growing cost of GPUs, which outweighs performance 

gains. A few gadgets that cost above $4000 have good 

performance, but when cost and efficacy are taken into

account, they are less valuable. Because it enables users to 

identify efficient computational cost combinations, this 

study offers vital information for optimizing AI-based 

algorithms. The findings show that buying a GPU based 

only on pricing does not result in the greatest efficiency 

gains. Because it ensures the best hardware choices for 

computing activities like deep learning, financial modeling, 

and high-performance simulations, detailed performance-

based pricing evaluation must take the role of basic price 

selection. 

 

Distribution of GPU Prices 

 

 
 

Fig 4: This image represents the Distribution of GPU Prices 

 

Using information from the GPU Benchmarks Compilation 

dataset, Figure 4 illustrates how GPU prices vary. The 

histogram's right-skewed trend shows that the majority of 

graphics processing units (GPUs) cost less than $500. The 

market for pricey, high-performance GPUs is still modest 

because as costs climb, they look much less appealing. The 

market-wide notion that conventional consumer GPUs 

account for the majority of sales while restricted high-end 

GPU manufacture exists solely to meet specialized deep 

learning and artificial intelligence demands is confirmed by 

closer examination. Due to a significant discrepancy 

between their price and market availability, high-

performance GPUs are still rare in the dataset under 

investigation. Because affordability is the main barrier to 

larger-scale adoption, the high cost of premium GPUs 

results in limited supply rates, preventing their widespread 

use. By requiring developers to balance affordability and 

performance requirements when selecting processors for AI 

workloads, cost filters in price distributions have an impact 

on the optimization of AI algorithms. The information 

presented highlights the necessity for businesses to prioritize 

energy efficiency because high-performance GPUs often 

require more power, which raises ongoing operating costs. 

The research findings highlight the need to provide 

optimization techniques that improve AI workload 

operations on medium-class GPUs in order to make high-

performance capabilities available on all GPU systems. The 

observed pricing trends suggest that future research should 

focus on creating more efficient AI algorithms, since this 

would maximize the value of GPU instruments across all 

price points. When integrating GPU technology into AI 

applications, the price-performance ratio is a crucial 

consideration. 
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GPU Category Distribution 

 

 
 

Fig 5: This Visualization shows the GPU Category Distribution 

 

The distribution of GPU benchmarks across desktop, 

mobile, workstation, and unknown systems computer device 

categories is shown in Figure 5. Widespread changes in the 

dataset suggest that all other categories have less entries 

than the "Unknown" category, which has more than 1,400 

items. The content of this collection is dominated by new or 

unclassified undesignated device types and most of the 

unknown GPU entries. There is a moderate amount of 

desktop GPUs in the sample, however mobile GPUs make 

up a somewhat lesser percentage. According to research, 

compared to other GPU kinds, the dual-use GPU combo has 

a lower appearance rate. Because workstation GPUs are 

used by professionals who require high-performance 

computing capabilities, they appear in the dataset at a 

considerable frequency. Because workspace graphics 

processing units are essential to professional artificial 

intelligence calculations, their representation in the dataset 

is raised. Because workstations assist with specialist jobs 

like AI workloads and scientific model computations, while 

desktops and mobile devices serve common users, the GPU 

market is divided into several groups that illustrate its many 

application areas. Since the "Unknown" category is still the 

most common, improved categorization techniques in 

benchmarking data will improve insight monitoring 

regarding GPU utilization. Understanding GPU category 

distributions is useful for optimizing AI algorithms since 

each category has distinct theorem-performance 

combinations that dictate whether or not they are suitable 

for AI execution. The study emphasizes how corporate

organizations could select GPU categories within AI 

systems based on their budgetary constraints and established 

computational performance goals. 

 

Categories vs. Power Performance 

 

 
 

Fig 6: This Visualization illustrated the Categories vs. Power 

Performance 

 

Figure 6 illustrates the computational efficiency levels of 

several GPU types, showcasing their power performance 

potential. According to power performance studies, 

workstation GPUs fall in the center of the spectrum, 

whereas desktop and mobile GPUs both exhibit high power 

performance. Because workstation GPUs prioritize stability 

at all performance levels, their power performance aligns 

with its intended use in professional applications. The 

combined GPU categories of "Mobile, Workstation" and 

"Unknown" consume much less system power, indicating 

that their essential components probably consist of outdated 

specialized hardware models with poor computational 

efficiency. Minimal power performance characteristics in 

the "Desktop Mobile" section point to potential power 

constraints in mixed-use applications. Power efficiency 

affects the computations that an algorithm can carry out 

without consuming more energy, hence AI-based algorithm 

improvement depends on it. Algorithm execution is 

maximized when the right GPU categories are chosen, 

giving priority to power performance levels, particularly in 

deep learning, financial modeling, and high-performance 

simulation applications. The research demonstrates that 

optimal hardware usage circumstances result from striking a 

balance between power economy and computing capacity. 

 

https://multiresearchjournal.theviews.in/
https://multiresearchjournal.theviews.in/


International Journal of Advance Research in Multidisciplinary https://multiresearchjournal.theviews.in 

367 https://multiresearchjournal.theviews.in  

Display Measures Through Their Names and Corresponding Values 

 

 
 

Fig 7: This Image shows Display Measures Through Their Names and Corresponding Values 

 

A comparison of several GPU parameters, including 

G2DMark, G3DMark, GPU Value, Power Performance, 

Price, Thermal Design Power (TDP), and Test Date, is 

shown in Figure 7. Due to their highest values, which show 

a strong emphasis on benchmarking scores and recent GPU 

testing across the dataset, the visualization identifies 

G3DMark and Test Date as the most important metrics. 

Although benchmark score offers more significant value, 

the power performance and GPU value show minimal 

numerical readings showing computational efficiency 

matters. Price and TDP had little bearing on the analysis as 

a whole, suggesting that high-performance GPUs don't 

always need to be expensive or use a lot of power. The 

findings of this study show that the evaluation process for 

GPU efficiency assessments is dominated by benchmark 

scores (G3DMark). Finding the right GPU combinations for 

deep learning calculations while optimizing speed and 

controlling power consumption levels is made possible by 

the relationship between benchmarks, pricing, and TDP. 

 

Conclusion 

This demonstrates that while more expensive GPUs offer 

superior performance, mid-range GPUs are also easily 

accessible and reasonably priced, offering almost the same 

performance as the more expensive GPUs, making them 

appropriate for use in AI applications. The report also 

emphasizes the importance of power economy, noting that 

the workstation GPU is well-suited for AI applications that 

require high performance densities for lengthy processes 

like real-time inference and model training. Furthermore, 

benchmarking is still a significant selection criterion, but for 

AI applications, real application ranking is just as crucial for 

effective hardware allocation. Using the GPU Benchmarks 

Compilation dataset, this study examines GPU performance 

and evaluates its effects on the functioning of AI-based 

algorithms. In addition to changing sectors, this shift is 

completely changing how companies run, interact with 

clients, and make strategic choices. The incorporation of AI 

into company operations is expected to be dynamic and 

revolutionary as we move forward. 

 

References 

1. Su J, Fu J, Wang Q, Silva C, Cavaco-Paulo A. Laccase: 

a green catalyst for the biosynthesis of poly-phenols. 

Crit Rev Biotechnol. 2017;38(2):294–307. 

2. Abdel-Aziz SM, Elsoud MMA, Anise AA. Microbial 

biosynthesis: a repertory of vital natural products. In: 

Food biosynthesis. London: Academic Press; c2017. p. 

25–54. 

3. Choi Y, Lee SY. Biosynthesis of inorganic 

nanomaterials using microbial cells and bacteriophages. 

Nat Rev Chem. 2020;4(12):638–656. 

4. Fagier MA. Plant-mediated biosynthesis and 

photocatalysis activities of zinc oxide nanoparticles: a 

prospect towards dyes mineralization. J Nanotechnol. 

2021;2021:6629180. 

5. Nasrollahzadeh M, Sajjadi M, Sajadi SM. Biosynthesis 

of copper nanoparticles supported on manganese 

dioxide nanoparticles using Centella asiatica L. leaf 

extract for efficient catalytic reduction of organic dyes 

and nitroarenes. Chin J Catal. 2018;39(1):109–117. 

6. Chi Z, Wang ZP, Wang GY, Khan I, Chi ZM. 

Microbial biosynthesis and secretion of L-malic acid 

and its applications. Crit Rev Biotechnol. 

2016;36(1):99–107. 

7. Jaramillo Jimenez BA, Awwad F, Desgagné-Penix I. 

Cinnamaldehyde in focus: antimicrobial properties, 

biosynthetic pathway, and industrial applications. 

Antibiotics. 2024;13(11):1095. 

8. Hamedani NF, Hargalani FZ, Rostami-Charati F. 

Biosynthesis of Cu/KF/Clinoptilolite@MWCNTs 

nanocomposite and its application as a recyclable 

nanocatalyst for synthesis of Schiff base benzoxazine 

derivatives and reduction of organic pollutants. Mol 

https://multiresearchjournal.theviews.in/
https://multiresearchjournal.theviews.in/


International Journal of Advance Research in Multidisciplinary https://multiresearchjournal.theviews.in 

368 https://multiresearchjournal.theviews.in  

Divers. 2022;26(4):2069–2083. 

9. Gupta P, Diwan B. Bacterial exopolysaccharide 

mediated heavy metal removal: a review on 

biosynthesis, mechanism and remediation strategies. 

Biotechnol Rep. 2017;13:58–71. 

10. Kitching M, Ramani M, Marsili E. Fungal biosynthesis 

of gold nanoparticles: mechanism and scale up. Microb 

Biotechnol. 2015;8(6):904–917. 

11. Nasrollahzadeh M, Sajjadi M, Maham M, Sajadi SM, 

Barzinjy AA. Biosynthesis of palladium/sodium 

borosilicate nanocomposite using Euphorbia milii 

extract and evaluation of its catalytic activity in 

reduction of chromium (VI), nitro compounds and 

organic dyes. Mater Res Bull. 2018;102:24–35. 

12. Waghmode MS, Gunjal AB, Mulla JA, Patil NN, 

Nawani NN. Studies on titanium dioxide nanoparticles: 

biosynthesis, applications and remediation. SN Appl 

Sci. 2019;1(4):310. 

13. Nishanth S, Bharti A, Gupta H, Gupta K, Gulia U, 

Prasanna R. Cyanobacterial extracellular polymeric 

substances (EPS): biosynthesis and potential 

applications. In: Microbial and natural macromolecules. 

London: Academic Press; c2021. p. 349–369. 

14. Taghizadeh A, Rad-Moghadam K. Green fabrication of 

Cu/pistachio shell nanocomposite using Pistacia vera 

L. hull: an efficient catalyst for reduction of 4-

nitrophenol and organic dyes. J Clean Prod. 

2018;198:1105–1119. 

15. Zou L, Zhu F, Long ZE, Huang Y. Bacterial 

extracellular electron transfer: a powerful route to green 

biosynthesis of inorganic nanomaterials for 

multifunctional applications. J Nanobiotechnol. 

2021;19(1):120. 

 

Creative Commons (CC) License 

This article is an open access article distributed under 

the terms and conditions of the Creative Commons 

Attribution (CC BY 4.0) license. This license permits 

unrestricted use, distribution, and reproduction in any 

medium, provided the original author and source are 

credited. 
 

https://multiresearchjournal.theviews.in/
https://multiresearchjournal.theviews.in/

